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Abstract

The continuous growth of virtual reality (VR), augmented reality (AR), and telepresence applications within IMT -
2030 networks has introduced new challenges in providing reliable communication and computational resources.
These emerging services require flexible, scalable, and high-performance network infrastructures capable of
supporting dynamic and bandwidth-intensive environments. In this regard, unmanned aerial vehicles (UAVs) offer a
promising solution for extending wireless coverage, improving connectivity, and reducing network congestion in 5G
and beyond communication systems. This paper presents a model and a set of methods for organizing a UAV -assisted
wireless access network to support coverage extension and traffic offloading in next-generation mobile networks. The
study focuses on the development of clustering and router distribution approaches within a swarm of UAVs to enable
efficient and adaptive network deployment. The proposed methods support the intelligent placement of UAV -based
routers while considering quality of service (QoS) requirements, maintaining stable mesh network connectivity, and
ensuring seamless integration with existing mobile communication infrastructure. The obtained results demonstrate
the effectiveness of the proposed approach in enhancing network coverage and connectivity in dynamic environments.
The proposed model and methods can serve as a practical solution for service provisioning in 5G and future-generation
wireless networks, particularly in scenarios where conventional communication infrastructure is limited or
unavailable.
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1. Introduction

The development of communication networks is aimed at improving the main quality indicators, such as the
achievable data transmission rate, delivery delay, and network capacity [1-5]. 5G and next-generation networks are
oriented toward providing services that are sensitive to delay and data transmission rate. The growing penetration of
virtual and augmented reality services, and subsequently of telepresence services [6], gives rise to the need to ensure
a high quality of traffic service in the network.

In particular, it becomes necessary to transmit traffic of holographic images [7], as well as traffic generated by
telepresence suits that provide an interface for interaction with the metaverse [8]. The metaverse is aimed at creating
a virtual world for all kinds of activities, including education, commerce, and gaming, and is considered the next
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generation of the Internet. With the support of AR/VR applications, online users are provided with services similar to
in-person ones. To support metaverse applications, data synchronization and wide wireless network coverage are two
practical problems that need to be solved, since telepresence services typically involve wearable wireless devices.
Owing to the increase in the frequency range used in 5G networks and allocated for 6G, signal attenuation grows
rapidly. As a result, deploying base stations in suburban areas with low population density becomes economically
inefficient [9]. Unmanned aerial vehicles represent a cheaper solution for providing network coverage for metaverse
data synchronization in suburban areas.

The use of telepresence suits or similar devices that provide information on the dynamics of the movement of
people or other objects differs substantially from obtaining information through images and largely complements the
"picture" of the state and changes of the world around us. The traffic generated by the aforementioned services must
be handled with the level of quality required for their implementation. One of the methods for solving this problem is
the use of traffic offloading or the allocation of additional resources for serving such traffic.

Improvement of the main quality indicators is achieved through the introduction of new technical solutions and
new models and methods for organizing communication networks. One of the "bottlenecks" in solving the problem of
improving quality indicators is the access network. In mobile communication networks, access networks are limited
owing to the constraints of the available radio frequency resource. The most effective method is to increase the
achievable data transmission rate. Throughout the evolution of mobile communication networks, one can observe a
process of widening the frequency band occupied by the communication channel and increasing the operating
frequencies. This is a natural process that occurs due to the need to increase throughput.

According to the well-known expression of C. Shannon [10], the achievable transmission rate is bit/s, where w is
the channel bandwidth and SNR is the signal-to-noise ratio. Despite a certain decrease in SNR with an increase in
bandwidth, this is the most "straightforward" method of increasing the transmission rate. The word "straightforward"
is placed in quotation marks because increasing bandwidth is associated with raising the operating frequency and with
the need to solve many problems associated with this.

However, each successive generation of communication networks presupposes an increase in the frequency band
and an increase in operating frequencies. Thus, 6G networks are already expected to use the sub-millimeter range and
operating frequencies of up to 1 THz.

The features of signal propagation in this wave range are such that they can be effectively used only over relatively
short distances between the receiver and the transmitter and within the line of sight between them. The properties of
signals in this wave range approach those of the propagation of light.

At present, the tasks of creating electronic devices that would make it possible to implement equipment for
generating, modulating, receiving, and processing such signals remain open. Questions concerning the creation of
antenna devices in this frequency range also remain open. However, studies [11, 12] suggest that such components
will be created and will make it possible to use the features of this range to increase the efficiency of communication
networks.

Nevertheless, problems associated with the features of signal propagation in the sub-millimeter wave range require
a solution at the level of access network organization. In particular, "shadowing" by surrounding objects, including
the human body, can lead to a complete loss of communication. This requires the use of a larger number of base
stations (antennas) and the corresponding management thereof.

One of the approaches to solving the problem of organizing coverage in 5G and 6G networks may be the use of
mobile routers. Equipment manufacturers are already producing 5G routers with autonomous power supply [13],
which make it possible to organize a local network conforming to the IEEE 802.11 standard. The main purpose of
such a device is to ensure a sufficiently high transmission rate at the level of connection to the 5G network.

When operating in prospective networks at sub-millimeter frequencies, it is necessary to ensure a sufficiently short
distance and direct line of sight between the router and the antenna of the base station. One way to achieve this is to
use unmanned aerial vehicles (UAVs) [14—16]. This paper proposes a method for using a UAV or a group of UAVs
to deploy routers and provide service to users located in challenging conditions for receiving network signals.
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2. Model and Problem Statement

In the general case, when placing a router on a UAYV, it is necessary to solve the problem of selecting the point of
its placement. Two scenarios are possible: when the UAV is stationary, for example, a tethered UAV [17], and when
the UAV can move both relative to the users and relative to other UAVs. These scenarios differ in the nature of UAV
motion: whereas in the first scenario the network structure does not need to be changed due to changes in the positions
of network nodes, in the second scenario such a need may arise. However, both scenarios require solving two main
problems:

1. selecting UAV positions relative to users and base stations of the communication network;
2. selecting the logical structure of the network, i.e., the routes for passing traffic in the mesh network.

A conceptual model of the network is shown in Figure 1. The figure depicts a single UAV and a group (swarm) of
UAVs. The router placed on the single UAV plays the role of an access point, serving users within its communication
zone. The routers placed on the UAVs of the swarm are organized into a mesh network. One or several routers of this
group may interact with the base stations of the mobile communication network. The routers within the "swarm,"
depending on conditions, may perform a number of functions: communication with the base station of the mobile
communication network, communication with other routers of the group, and communication with users.

The use of a group of UAVs makes it possible to provide communication coverage for users distributed over a
certain area or within a certain volume and to organize traffic exchange between them and the mobile communication
network.
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Figure 1: Network model using routers on UAVs

3. Selection of Router Positions

Consider the case where there is a group of n routers. In the general case, » € N, and may be specified or
constrained, 7 < fmax.
To select the positions for placing access points, various clustering methods are most commonly applied [18]. In this
case, the objects of clustering are the users, and the centers of the identified clusters are taken as the positions for
placing the access points.
The clustering problem is typically solved using algorithms such as k-means, DBSCAN, and FOREL [19]; in [20], an
algorithm using the fractal properties of the network was developed. Each of these algorithms has its advantages and
disadvantages. For example, the k~-means algorithm is suitable when users are uniformly distributed and the number
of clusters is known in advance (as the number of objects grows, the cluster shape tends toward that of a polyhedron);
DBSCAN is suitable for pronounced clusters of users, where the user density in the cluster zones must be
approximately the same (a cluster may have an arbitrary shape); FOREL makes it possible to find solutions both with
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pronounced clusters of users and with their uniform distribution (the cluster shape tends toward that of a circle), and
its working principle is applicable to pronounced clusters of users.

In the present problem, the clustering algorithm must, alongside identifying groups of users (clusters), take into
account their mutual positioning, since the routers at the centers of the clusters must form a connected network, and
this network itself must be connected to the mobile communication network.

In what follows, an algorithm is proposed that is based on the FOREL clustering algorithm [21]. The idea of this
algorithm is preferable for several reasons. First, this method specifies the cluster size R, which is essentially the
maximum possible size of the cluster being formed. In the network construction problem, this makes it possible to
determine the cluster size through the achievable data transmission rate b in the user-to-access-point segment. If the
dependence b = f(R) is defined, then

{08]; €))
where by, is the minimum allowable data transmission rate, specified as a parameter when constructing the network.

The functional dependence f{R) is specific to the standard or group of standards applied and may be determined on
their basis, for example [22].
For greater generality, this function can be approximated using the well-known expression of C. Shannon, taking into

account a correction coefficient o
b(R) = awlog, (1 +y(R))

2)

where o is a correction coefficient accounting for the difference between the technology used and the analytical model
(theoretically achievable rate);

v is the signal-to-noise ratio;
w is the bandwidth (Hz).

In the general case, 0 < a. When space-time multiplexing methods (MIMO) are not applied, 0 < a < 1. When such
methods are applied, the coefficient may exceed unity.

The signal-to-noise ratio as a function of distance can be defined as:
SRX 1
Y(R) =—==—a(R)srx
Dn Dn

3)

where a(R) is the dependence of signal attenuation on distance; one of the well-known models [23] may be adopted
for it.

The dependence of the data transmission rate on distance, according to the IEEE 802.11ac standard, at w =20 MHz,
is shown in Figure 2 (blue line). The red curve was obtained according to expression (2) with w =20 MHz, a = 0.5.
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Figure 2: Dependence of the data transmission rate on the distance between the user equipment and the access
point.

The presented graph shows a sufficiently close agreement between model (2) and the dependence obtained from the
standard's data. The largest error occurs at small distances, i.e., at high values of the signal-to-noise ratio. This can be
explained by the technological capabilities that are accounted for in this standard.
The application of the selected clustering approach solves the problem of minimizing the sum of distances between
elements and the centers of the clusters. When the system is described by the expressions given above, the clustering
objective function will be expressed as:

10BJ: 4)

where 8! is the achievable transmission rate between the center of the j-th cluster and the i-th element of the j-th

cluster, and d(c;, u;) is the distance between the center of the j-th cluster and the i-th element of the j-th cluster.

Thus, the application of this method makes it possible to select the positions of the cluster centers (positions of access
points) such that the total transmission rate in the network is maximized, while condition (1) ensures the minimum
allowable value of the data transmission rate.

The solution to (4) yields near-optimal positions for the cluster centers relative to the elements, which are the users.
However, in this case it is also necessary to take into account the position of the cluster centers relative to the base
stations of the mobile communication network and relative to one another.

Let us assume that Rc is the radius of the cluster's communication zone, and Ry is the router's communication zone
radius with the base station of the mobile communication network. These parameters must be introduced as constraints
in the clustering algorithm used.

A distinctive feature of this algorithm is that the selection of the cluster center position is performed taking the
aforementioned constraints into account, namely:

{08)} 5)
These constraints, in essence, determine that at least one of the routers must be within the communication zone of the
base station of the mobile communication network, and each of the routers must be within the communication zone
of at least one of the neighboring routers. These constraints ensure connectivity between the routers placed on the
UAVs and connectivity with the mobile communication network.
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These constraints can be strengthened by specifying a minimum number of links between routers rmin and with the
base stations of the mobile communication network Mmin:

o0 6)

The pseudocode of the proposed algorithm is given below.

Input data:

— a set of clustering objects (users) U= {uf } , i=l..m . Each of the objects corresponds to a point with specified

coordinates

o8]

— a set of base stations of the mobile communication network V' = {v;}, i = 1...k. Each of the objects corresponds to
a point with specified coordinates
o8]
— a set of cluster centers C = {c¢;}, i = 1...n. Each of the cluster centers c;, j = 1...n, corresponds to a point with
specified coordinates
08
Algorithm
Up = {u;}, i = 1..m.// Set of unclustered objects
C = @ // Set of clusters
i=1;

/! Random point in the service area

While U, # @
{

/I Compute the cluster center
cm =S(U,V,R)
// If the center of mass does not coincide with the cluster center, and it is located at a distance not exceeding
R _C from the center of another cluster
if cm # p(c;)
if3c¢; € C, d(cm, Cj) <R¢
p(c;) = cm// Move to the center of mass
else

else

{

Uy = Uy \ Cy / Remove cluster elements from set of unclustered elements

} //End while
ReDistributeNones(cend) //optional

The cluster center (center of mass) is computed according to the following expression:
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where K is the number of elements in the cluster; xo, yo, zo are the coordinates of the cluster center; 1, is the weighting
coefficient of the element (user); xcn, Vcn, zcn are the coordinates of the center of the nearest neighboring cluster; o is
the weighting coefficient.

A particular feature of computing the cluster center is that the distance to the center of the nearest cluster is taken into
account. By varying the value of ®, one can control the "gravitation" of the center of the cluster being sought toward
the nearest neighboring cluster.

The algorithm presented above describes the general three-dimensional case, in which a cluster is a sphere. Owing to
the insufficient clarity of representing the clustering results in space, Figure 3 shows an example of clustering on a
plane. In this example, the clustering of 1000 users distributed on a plane is simulated. A Gibbs point process [24] is

used for the simulation.

Figure 3. Result of clustering and selection of network structure.

After the algorithm presented above is executed, the cluster centers will be found. The algorithm can be
terminated at this point, and the elements can be assigned to clusters in the order in which the clusters were identified
during the algorithm's execution. However, this approach yields good solutions in the case where there are clusters of
elements (users) and the size of these clusters does not exceed the cluster size R. Otherwise, the cluster sizes may
differ considerably.

In such a case, it is advisable, upon completion of the algorithm, to perform a redistribution of elements by
assigning them to the nearest cluster centers. In the algorithm above, this operation is performed by the procedure
ReDistributeNones(y/n), where the argument indicates whether to perform the redistribution operation or not.
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After the operation of redistributing elements, the clusters will have the shape of polyhedra whose sides are
determined by the Voronoi diagram [25] constructed with respect to the identified cluster centers; an example is shown
in Figure 4.

Figure 4. Result of modifying the cluster shapes

As a criterion for the necessity of redistribution, it is proposed to use the variance of the number of elements

in the clusters, defined as:
LT} ®)
where Dj, Dy are the variances of the number of cluster elements for the algorithm without element
redistribution and with their redistribution, respectively.
The variances for both cases can be found from the expression:

©)

where 7 is the number of clusters, and K; is the number of elements in the i-th cluster.

The proposed method and algorithm make it possible to perform the clustering of users in a specified service
area while taking into account the allowable distances between cluster centers and the allowable distances to the base
stations of the mobile communication network. Thanks to these properties, this method makes it possible to construct
a connected mesh network based on routers placed at the cluster centers, with connectivity to the base stations of the
mobile communication network. The clustering algorithm ensures the identification of clusters according to the

maximum quality of service.

4. Traffic Routing

The identified router positions (cluster centers) are joined into a mesh network whose structure can be determined by
the shortest routes between sender and receiver. By the shortest route, we mean the route that provides the highest
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quality of traffic service. We assume that the quality of service is characterized by such indicators as the achievable
data transmission rate, the data delivery delay, and the probability of data loss.

The structure of the mesh network is defined by the matrix:

q; l; <R.
© >R’
nl nn (10)

i,j=1...n

where g is the quality indicator of the communication link between network nodes, and /;; is the characteristic
of the communication link between network nodes.

As a quality indicator, an integral indicator is proposed that takes into account the data transmission rate, the load, and
the loss probability:

ol (11)

where 1, @2, @3 are the coefficients of the conditional cost per unit of the corresponding indicator.

The integral indicator has the meaning of a conditional gain or expense, depending on the sign. The sign of the term
in expression (11) is positive for indicators whose growth leads to an increase in conditional expenses—in this case,

to a decrease in the quality of service.

In this case, the use of any shortest-path search method for the network described by matrix (10) makes it possible to
select the route that has the minimum value of the sum of coefficients for each of the edges entering it, which can be
formally written as:
08J (12)
where Qy is the set of vertices (nodes) entering the shortest path between vertices s and 7.
To find all the shortest paths, the Dantzig algorithm [26], for example, can be used.

5. Efficiency

To evaluate the efficiency of the proposed methods, we choose the unmodified FOREL algorithm as an alternative.
When this algorithm is applied, the distribution of routers in the service area does not guarantee the connectivity of
the mesh network nor the availability of the mobile communication network. In such a case, the positions of the routers
are random and depend on the distribution of users, but they are in no way constrained with respect to their mutual
arrangement. Consequently, the connectivity of the network they form is also a random variable.

If the routers placed at the selected positions (cluster centers) do not form a connected network, then the users
connected to these routers do not have access to the other part of the network and to the external network. Thus, for
comparing the methods, the most representative characteristic is the connectivity of the network formed by the
placement of routers.

The connectivity of the network can be described by the probability of connectivity, which can be estimated by the
fraction of possible routes in the network:

(13)



62

where 7 is the number of clusters (routers), and 7. is the number of available routes.

The quantity (rn + 1)* is the maximum possible number of routes between all # nodes of the network and one node
describing the base station of the mobile communication network, which is attained at full network connectivity.

The connectivity probability (13) in the case of the unmodified algorithm does not exceed unity, whereas in the case
of the modified algorithm it is always equal to unity. We will consider the quantity 1 — con as the gain obtained by
using the proposed methods:

6 (14)

This quantity depends on the radius of the routers' communication zone Rc and Ry; assuming that these quantities are
equal, Rc = Ry, it is possible to evaluate the dependence e(Rc/W), where W is the size of the service area.

e[Re)
-

Rc/W M

Figure 5. Dependence of the method's efficiency on the radius of the inter-cluster communication zone Rc.

It can be observed that the application of the method is appropriate when the radius of the routers' communication
zone in the mesh network is smaller than the size of the service area. This is natural, since otherwise any placement

of a router is equivalent from the standpoint of ensuring connectivity.

In the example given above, with a service area size of 500x500 m and the specified distribution of users, when the
radius of the router's communication zone is approximately 0.23 of the service area size, the efficiency of the proposed
method is about 50%.

The efficiency of the method is higher the smaller the ratio of the router's communication zone radius to the service
area size. Thus, its application is advisable when relatively large areas or volumes need to be served.

6. Conclusion

1. Modeling the communication link between the router and the user using the C. Shannon model, taking into account
the technological differences of its implementation in the current wireless access network standard, makes it
possible to solve the user clustering problem as a problem of maximizing the total achievable data transmission
rate.

2. The proposed clustering algorithm, which is a modification of the FOREL algorithm, ensures the selection of router
positions for serving users and for organizing a connected mesh network and the connection of this network with

the base station of the mobile communication network.

3. The modification of the clustering algorithm, which provides for the redistribution of cluster elements, makes it
possible to improve the quality of clustering by equalizing the number of elements in the identified clusters.
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4. The traffic routing method in the mesh network provides for the selection of routes based on the minimization of
an integral route quality indicator that takes into account the achievable data transmission rate, the load magnitude,
and the probability of losses.

5. The proposed methods for distributing routers in a swarm of UAVs or on single or tethered UAVs are effective in
the case where the size of the router's communication zone is smaller than the size of the service area.

Acknowledgment

The authors would like to express their sincere gratitude to their respective institutions and colleagues for their
continuous support and valuable discussions that contributed to this research work.

Author contribution: All authors have contributed, read, and agreed to the published version of the manuscript
results.

Conflict of interest: The authors declare no conflict of interest.

References

[1]. Taleb, T., Benzaid, C., Bordallo Lopez, M., Mikhaylov, K., Tarkoma, S., Kostakos, P., Mahmood, N. H., Pirinen,
P., Matinmikko-Blue, M., Latva-Aho, M., & Pouttu, A. (2022). 6G system architecture: A service of services
vision. ITU Journal on Future and Evolving Technologies, 3(3), 710—743. https://doi.org/10.52953/DGKO1067

[2]. International Telecommunication Union. (2020a, June). Network 2030 — Additional representative use cases and
key network requirements for Network 2030 (Technical Report). ITU Telecommunication Standardization Sector.

[3]. International Telecommunication Union. (2019, October). New services and capabilities for Network 2030:
Description, technical gap and performance target analysis (Deliverable). ITU Telecommunication
Standardization Sector.

[4]. ITU-T Focus Group on Technologies for Network 2030. (n.d.). Network 2030: A blueprint of technology,
applications and market drivers towards the year 2030 and beyond. International Telecommunication Union.

[5]. International Telecommunication Union. (2020b, June). Network 2030 architecture framework (Technical
Specification). ITU Telecommunication Standardization Sector.

[6]. Volkov, A. N., Muthanna, A. S. A., Koucheryavy, A. E., et al. (2023). Perspektivnye issledovaniya setei i uslug
2030 v laboratorii 6G Meganetlab SPbGUT [Prospective research on 2030 networks and services in the 6G
Meganetlab laboratory of SPbSUT]. Elektrosvyaz', (6), 5—14.

[7]. Demidov, N. A. (2024). Issledovanie trafika 3D-videopotoka na imitatsionnoi modeli [Study of 3D video stream
traffic on a simulation model]. Elektrosvyaz', (3), 44—48.

[8]. International Telecommunication Union Focus Group on Metaverse. (2023, December). Definition of metaverse
(Technical Specification). International Telecommunication Union.

[9]. Shannon, C. E., & Weaver, W. (1964). The mathematical theory of communication. University of Illinois Press.

[10].  Akyildiz, I. F., Han, C., Hu, Z., Nie, S., & Jornet, J. M. (2022). Terahertz band communication: An old
problem revisited and research directions for the next decade (arXiv:2112.13187v3) [Preprint]. arXiv.
https://doi.org/10.48550/arXiv.2112.13187

[11].  Petrov, V., Pyattaev, A., Moltchanov, D., & Koucheryavy, Y. (2016). Terahertz band communications:
Applications, research challenges, and standardization activities. In 2016 8th International Congress on Ultra
Modern Telecommunications and Control Systems and Workshops (ICUMT) (pp. 183-190). IEEE.
https://doi.org/10.1109/ICUMT.2016.7765354

[12].  Amazon.com. (n.d.). 5G router [Product search results]. Retrieved from https://www.amazon.com/5g-
router/s?k=5g+router

[13].  Dorokhova, A. A., & Paramonov, A. 1. (2016). Issledovanie trafika i kachestva obsluzhivaniya v
samoorganizuyushchikhsya setyakh na baze BPLA [Study of traffic and quality of service in self-organizing
networks based on UAVs]. Informatsionnye Tekhnologii i Telekommunikatsii, 4(2), 12-25.

[14].  Vareldzhyan, K. S., Paramonov, A. I., & Kirichek, R. V. (2015). Optimizatsiya traektorii dvizheniya BPLA
v letayushchikh sensornykh setyakh [Optimization of UAV trajectory in flying sensor networks]. Elektrosvyaz',
(7), 20-25.



https://doi.org/10.48550/arXiv.2112.13187
https://doi.org/10.1109/ICUMT.2016.7765354
https://www.amazon.com/5g-router/s?k=5g+router
https://www.amazon.com/5g-router/s?k=5g+router

64

[15].  Zakharov, M. V., Kirichek, R. V., & Paramonov, A. I. (2015). Zadacha raspredeleniya resursov v gruppakh
BPLA [The resource allocation problem in UAV groups]. Informatsionnye Tekhnologii i Telekommunikatsii,
3(1), 62-70.

[16].  Vishnevsky, V. M. (2019). Metody i algoritmy proektirovaniya i realizatsii privyaznykh vysotnykh
bespilotnykh telekommunikatsionnykh platform [Methods and algorithms for the design and implementation of
tethered high-altitude unmanned telecommunication platforms]. In Proceedings of the XIII All-Russian
Conference on Control Problems (VSPU-2019) (pp. 40-42). V. A. Trapeznikov Institute of Control Sciences of
the Russian Academy of Sciences.

[17].  Kim, J.-O., Mueller, C. W., Klecka, W. R., et al. (1989). Faktornyi, diskriminantnyi i klasternyi analiz
[Factor, discriminant and cluster analysis]. Finansy i Statistika. ISBN 5-279-00247-X

[18].  scikit-learn developers. (n.d.). Clustering [Documentation]. scikit-learn. Retrieved from https://scikit-
learn.org/stable/modules/clustering.html

[19].  Marochkina, A. V. (2023). Modelirovanie i klasterizatsiya trekhmernoi seti interneta veshchei s primeneniem
metoda otsenki fraktal'noi razmernosti [Modeling and clustering of a three-dimensional Internet of Things
network using a fractal dimension estimation method]. Elektrosvyaz', (6), 60—66.

[20].  Zagoruiko, N. G., Yolkina, V. N., & Lbov, G. S. (1985). Algoritmy obnaruzheniya empiricheskikh
zakonomernostei [Algorithms for the discovery of empirical regularities]. Nauka.

[21].  Vikulov, A. S., & Paramonov, A. L. (2018). Model' kanala OFDM v zadache otsenki effektivnosti seti IEEE
802.11 [OFDM channel model for evaluating the efficiency of IEEE 802.11 networks]. Infokommunikatsionnye
Tekhnologii, 16(3), 290-297.

[22].  International Telecommunication Union. (2017, June). Propagation data and prediction methods for the
planning of indoor radiocommunication systems and radio local area networks in the frequency range 300 MHz
to 100 GHz (Recommendation ITU-R P.1238-9). ITU Radiocommunication Sector.

[23].  Daley, D. J., & Vere-Jones, D. (2006). An introduction to the theory of point processes: Volume I:
Elementary theory and methods (2nd ed.). Springer Science & Business Media.

[24].  Preparata, F. P., & Shamos, M. 1. (1989). Vychislitel'naya geometriya: Vvedenie [Computational geometry:
An introduction]. Mir.Minieka, E. (1981). Algoritmy optimizatsii na setyakh i grafakh [Optimization algorithms
for networks and graphs] (p. 323). Mir.

This work is open access and licensed under Creative Commons Attribution International
By License (CC BY 4.0). Author(s) and SUJEITI Journal permit unrestricted use, and
distribution, in any medium, provided the original work with proper citation.



https://scikit-learn.org/stable/modules/clustering.html
https://scikit-learn.org/stable/modules/clustering.html

